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We suggest some refinements to earlier approaches to generating ‘‘comprehensive” personality invento-
ries and address some methodological concerns that accompany their use. By applying cluster analysis to
Saucier’s (1997) list of the 504 most frequently used trait adjectives, we identified 61 clusters that can be
used to represent the lower-order structure of individual differences found in the lexicon. We show that
very short measures of these clusters have acceptable reliabilities, that single items can regularly be iden-
tified that correlate with standard measures of Big Five dimensions above .70, and finally, using gender
and life satisfaction as examples, illustrate how comprehensive inventories can reveal relationships
between personality and variables of interest that are masked by the use of Big Five scales alone.
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1. Introduction

The most common approach to the development of individual
difference measures in contemporary personality psychology can
be labeled the superfactor approach, in which investigators search
for a small number of broad factors underlying a set of personal-
ity-relevant descriptors (e.g., Ashton, Lee, & Goldberg, 2004; Gold-
berg, 1990; Tellegen & Waller, 1987). Although attempts to
measure the broad dimensions identified in factor analysis repre-
sent the most common means of developing personality measures,
a smaller tradition exists which can be labeled the comprehensive
approach, in which investigators attempt to create measures to as-
sess all important aspects of personality (e.g., Block, 1961; Pea-
body, 1987; Westen & Shedler, 2007). Unlike superfactor
inventories, the primary goal of such inventories is not to measure
the major ways that people vary, but to measure the many ways
that people vary.

Investigators who use comprehensive inventories have done so
in large part due to recognition of certain disadvantages of super-
factor measures. Factor analysis proceeds by finding factors that
can explain the largest amount of covariation between different
traits ratings, and consequently a number of more distinctive
dimensions that people regularly find useful in the description of
themselves and others are frequently not represented in the factors
ll rights reserved.
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that are extracted. For instance, some of these characteristics that
have been considered to be largely uncaptured by the Big Five fac-
tors include deceptiveness, honesty, sexuality, masculinity and
femininity, frugality, religiosity, arrogance, humor, and physical
dimensions such as height, weight, and attractiveness (Paunonen
& Jackson, 2000; Saucier & Goldberg, 1998).

Another limitation of superfactor measures concerns how they
are typically used. For instance, the domain of conscientiousness
is described as covering a diverse array of content related to order-
liness, conventionality, industriousness, and dependability. How-
ever, when these distinct elements are aggregated to form a
single ‘‘broad” measure, or when only the ‘‘core” of the superfactor
is measured, it is often unclear which distinguishable aspect of the
measure is most related to the variable of interest. Although the
Big Five and other superfactor solutions have been related to an
enormous range of important outcomes (e.g., Ozer & Benet-Marti-
nez, 2006; Roberts, Kuncel, Shiner, Caspi, & Goldberg, 2007), the
frequent failure to examine how the narrower aspects of these
superfactors differentially relate to these outcomes has slowed
the accumulation of knowledge about the processes linking per-
sonality and behavior. In particular, we expect that distinguishable
traits within a particular superfactor domain will generally vary in
their associations with variables of interest – even frequently being
associated in opposite directions – leading investigators to con-
clude that the relationship between the trait and the variable is
large, small, positive, negative, or zero depending on the somewhat
arbitrary content emphases of the scale (Paunonen, Rothstein, &
Jackson, 1999; Saucier & Ostendorf, 1999). Indeed, differences in
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the content emphases of personality scales appear to have pro-
duced opposite conclusions regarding how traits are related to
variables of interest in some investigations. For instance, the Fein-
gold (1994) and Lynn and Martin (1997) meta-analyses of person-
ality traits and gender both found gender differences on
extraversion measures, but in opposite directions. As women have
been found to score higher on the sociability aspects of extraver-
sion than men but lower on assertiveness aspects, it seems likely
that these discrepancies were produced by meta-analyzing scales
with different content emphases in the domain of extraversion
(Costa, Terracciano, & McCrae, 2001).

As we detail below, these problems can be circumvented by ap-
proaches that construct the lower-order structure of personality
without reference to the Big Five or other superfactor structures.
In the current studies, we delineate procedures that may be em-
ployed for the development and use of comprehensive personality
assessments, and then present empirical demonstrations for why it
may generally be beneficial to use such inventories in basic person-
ality research. We begin by outlining procedures described by
Block (1961) and Peabody (1987) in their attempts to develop a
comprehensive taxonomy of individual differences, and then sug-
gest some improvements.

2. Considerations in the development of more comprehensive
personality assessments

Both Block (1961) and Peabody (1987) were interested in the
development of comprehensive personality tools. Block’s efforts
to develop comprehensive assessment devices resulted in the
development of the California Adult Q-Sort (CAQ; Block, 1961)
and later the California Child Q-Set (Block & Block, 1980), both of
which were designed to measure an individual’s standing on as
wide a range of attributes as possible. As described by Block
(1961):

‘‘The purpose of the [CAQ] is to provide a ‘‘Basic English” for clin-
ical psychologists, psychiatrists, and personologists to use in
their formulations of individual personalities. Ideally – and the
set is not the ideal – the items should permit the portrayal of
any kind of psychopathology and of any kind of normality. . . To
the extent the set fails in this aspiration, to the extent that it is
deemed unable to reflect the discriminations and integrations
of the observer, the method is to be judged deficient. (pp. 37–38).”

In an departure from the principal goal of factor analytic work
on personality structure, which could be described as trying to lo-
cate a small number of the most important personality dimensions,
Block evaluated the worth of his instrument by the extent to which
it was able to capture all of the important discriminations people
make about one another. Other investigators have cited compre-
hensiveness as a central goal in the development of similar instru-
ments. For instance, Peabody (1987) argued that a thorough trait
taxonomy should be able to describe ‘‘all perceptual variations in
performance and appearance between persons or within individu-
als over time” (p. 59), and the Shedler–Westen Assessment
Procedure (SWAP; Westen & Shedler, 1999) for assessing
psychopathology was developed using procedures adapted from
Block with the goal of allowing clinicians to be able to ‘‘describe
everything considered psychologically important about their
patients” (Westen & Shedler, 2007, p. 812).

Although Block and Peabody appeared to outline their proce-
dures for constructing comprehensive taxonomies independently,
both arrived at a similar set of considerations that must be ad-
dressed to accomplish this task (see also Stephenson, 1953). First,
the researcher needs to provide a defensible pool of items that
could be used to define or represent the universe of content within
the domain. Second, if the complete set of items is large, then the
researcher would need to use a method to represent the content
found in the complete pool in a smaller number of items in order
to make a practical assessment device.

Block’s long-standing skepticism about the ability to define the
universe of content related to personality and individual differ-
ences using an atheoretical method (Block, 1961; Block, 1995; in
press) led him instead to enlist the help of psychologist and psychi-
atrist ‘‘experts” to assist in identifying the important content of
personality. His procedures in developing the CAQ have subse-
quently served as the primary guide for the development of other
tools aspiring to comprehensiveness in other domains, such as the
Riverside Behavioral Q-Sort (RBQ; Funder, Furr, & Colvin, 2000),
and the SWAP (Westen & Shedler, 1999). In contrast, Peabody
(1987) suggested that a comprehensive inventory could be devel-
oped through a relatively atheoretical rationale. In particular, Pea-
body’s (1987) strategy for creating a comprehensive framework
involved a two-step process of first classifying adjectives contained
within a lexical pool into narrow groupings ‘‘according to their
similarity in meaning,” which apparently involved Peabody’s own
discriminations, followed by the selection of terms within these
larger clusters that could be used to represent the overall group.
3. The current approach to developing a comprehensive
inventory

Inventories such as the CAQ, SWAP, and RBQ are used by a num-
ber of researchers to achieve comprehensive assessments of individ-
ual differences. However, there are some limitations to the
construction of these instruments which may limit their use for this
goal. For instance, it has been suggested that the reliance on psychi-
atrists to select content for the CAQ likely resulted in an over-repre-
sentation of clinical terms (Bem & Funder, 1978; Block, 1961). More
generally, we suspect that the generation of items primarily through
the subjective decisions of subject matter experts will tend to result
in instruments that over-represent certain aspects of personality
and under-represent others. In keeping with a lexical tradition, we
argue that it is preferable to adopt an approach to delineating the
structure of traits which minimizes the number of subjective deci-
sions researchers must make concerning the particular content that
should be considered to exist within a pool. Although some of these
decisions may ultimately be unavoidable, we propose a modified ap-
proach which aims to minimize these decisions. Following Peabody,
we depart from Block (1961) in our consideration that certain meth-
ods of sampling terms from the lexicon (such as those used by Sauc-
ier (1997), Tellegen and Waller (1987)) serve as a reasonable means
of generating item pools that represent the range of content associ-
ated with personality and individual differences.

An additional place where subjectivity should to be removed is
through the secondary classification of the larger set of terms into
a smaller set of homogenous categories or groups, which has almost
invariably followed from intuitive considerations in the develop-
ment of past comprehensive inventories (Block, 1961; Peabody,
1987; Westen & Shedler, 2007). We argue here that cluster analysis
may be employed to accomplish this goal. Cluster analysis is de-
signed to group similar items into a smaller set of clusters by opti-
mizing the grouping of highly-correlated items with one another
(Cattell, 1944). Due to this optimizing function, cluster analysis
may be well suited for identifying the large number of distinguish-
able dimensions of individual differences that are indicated by sev-
eral terms in language. This aim may be operationalized concretely
as a decision to consider a dimension ‘‘well-represented” in the lex-
icon if there are a specified number of terms that show average or
minimum inter-correlations above some specified magnitude. In es-
sence, we can apply a standard criterion used for identifying a cluster
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(e.g., Cattell, 1944) to the task of identifying the distinguishable trait
aspects that can be thought to exist in the lexicon. If the goal of the
investigation is to form a comprehensive summary of the lexicon,
the investigator may aim to extract as many clusters from the lexicon
as possible that meet certain homogeneity standards.
4. Psychometric concerns with the use of comprehensive
inventories

Given that comprehensive assessment tools are generally em-
ployed to relate a variable of interest to as many attributes as pos-
sible, developers of comprehensive inventories have often opted to
measure each dimension by a single item to keep their assess-
ments practical (e.g., Funder et al., 2000; Westen & Shedler,
1999). In fact, to make his instrument maximally comprehensive
while making it practically administrable, Block (1961) chose to re-
move items that reflected content already contained in the inven-
tory and replace them with more distinct items in order to have
the resulting 100-item instrument reflect 100 distinguishable indi-
vidual differences. In turn, this convention has led to a unique way
in which the CAQ and similar instruments have often been used in
personality research: investigations are frequently done by simply
correlating all items of the inventory with a variable of interest,
and then reporting the single items and their correlations together
as the central results of the investigation (e.g., Bem & Funder, 1978;
Block & Block, 2006; Colvin & Longueuil, 2001; Funder et al., 2000).
Decisions such as these represent decisions that conflict with some
commonly-held assumptions of how trait measures should be
developed or used. In particular, it is commonly assumed that a
measure of a dimension needs to be lengthy in order to be reliable
and valid (e.g., John & Soto, 2007), as it is sometimes assumed that
the reliability of single-item scales cannot be estimated (Gosling,
Rentfrow, & Swann, 2003), or is precipitously low (Loo, 2001).

We believe the psychometric problems of single-item trait mea-
sures have been somewhat exaggerated. It should be remembered
that reliability estimates are usually obtained in order to indicate
the precision, dependability, or repeatability of scores (McDonald,
1999; Nunnally & Bernstein, 1994; Watson, 2004). Reliability coef-
ficients are supposed to serve as an estimate of the expected stabil-
ity in the rank-ordering of scores if we were to administer an
equivalent test a second time (Cohen, Cohen, West, & Aiken,
2003). Suspicions of the low reliability of single-item scales likely
derive in part from the modest reliabilities sometimes seen in
broad scales. However, as the items of broad personality scales
are generally selected to be fairly distinct from one another in or-
der to cover different parts of the domain (e.g., the items energetic,
bold, talkative, in an extraversion scale), item inter-correlations al-
most certainly underestimate the reproducibility of scores that
would be observed if we simply assessed two close synonyms
twice, or even the same trait item twice over a very short time
span. As test–retest correlations over short time periods become
better appreciated as appropriate reliability assessments (Cattell,
Eber, & Tatsuoka, 1970; Watson, 2004), our understanding of the
reliability of very short scales might stand to change dramatically.
For instance, two-item Big Five measures have been found to have
only slightly lower test–retest correlations than longer, standard
scales (Gosling et al., 2003; Rammstedt & John, 2007). And sin-
gle-item measures of self-esteem (Robins, Hendin, & Trzesniewski,
2001), life satisfaction (Pavot & Diener, 1993), and religiosity
(Saucier & Skrzypinska, 2006) have all been reported as having
test–retest correlations exceeding .70 over several weeks and long-
er. All of these values are far above what should be observed if sin-
gle-item scales have unacceptable levels of reliability.

One or two-item scales also appear to be surprisingly valid. For
instance, Gosling and colleagues (2003) found their two-item
scales to show correlations with matching Big Five Inventory
(BFI) factors ranging from .65 to .87. Robins and colleagues
(2001) found the item ‘‘I have high self-esteem” correlated with
the complete Rosenberg self-esteem scale between .72 and .76,
and Wood, Gosling, and Potter (2007) reported a .80 correlation be-
tween the single item ‘‘I feel depressed” with the average of the
remaining 19 items of the Center for Epidemiological Studies
Depression scale (CES-D; Radloff, 1977). A message emerging from
these studies is that very simple, direct, and face-valid single items
can have high levels of validity when related to longer standard
inventories of the same construct.

5. Goals of the present study

The overarching goals of the present study are to outline proce-
dures that can be used to create more comprehensive inventories
of personality characteristics and then to illustrate some uses of
comprehensive inventories. The primary focus of Study 1 was to
identify the distinguishable content that could be identified among
English person-descriptor adjectives. To do this, we conducted a
reanalysis of Saucier’s (1997) common person-descriptor adjec-
tives as assessed in a large community sample, which had been se-
lected to consist of the most frequently used person-descriptor
adjectives in the English lexicon. This analysis resulted in the iden-
tification of 61 content clusters. Study 2 then consists of the crea-
tion of single-item measures of the 61 clusters identified in Study
1, demonstrations of the reliability and validity of these items, and
illustrations of what might be gained by using such measures to
explore the relation between personality characteristics and other
variables of interest.

6. Study 1: Identification of clusters in the English lexicon

We begin with a reanalysis of a lexical dataset originally ana-
lyzed by Saucier (1997). As the goal was to generate a relatively
comprehensive summary of the content contained within the item
pool, we identified a cluster as any group of three or more items
which was regularly extracted across a variety of clustering algo-
rithms, and extracted as many clusters as possible. We then ex-
plored the adequacy of the clusters as a summary of the content
found in the full item pool by comparing the factor structure of
the clusters to the factor structure of the broader pool. Finally, a
benefit of comprehensive measures is their ability to provide a
quick snapshot of what the superfactors measure (Cattell, 1944).
We thus correlated the clusters with NEO and AB5C measures of
the Big Five in order to see how the clusters relate to the Big Five
framework commonly used by personality psychologists.

6.1. Method

6.1.1. Participants and procedure
A total of 700 participants from the Eugene-Springfield Commu-

nity Sample (ESCS) completed the materials examined in this study
as part of an ongoing study on the structure of personality. Of the
639 participants who indicated their gender, 56% were female.
Since we also report some correlations estimated from this sample
later in Study 2, we also refer to this sample as ‘‘S1.” At the time
they were recruited, participants ranged in age from 20 to 87 years,
with a mean age of 53.8 (SD = 12.8) and median age of 52, and
were of all levels of education. See Goldberg (2006a) for additional
details about this sample.

6.1.2. Saucier’s common trait adjectives
To generate the clusters, we used data from participant self-rat-

ings of the 504 adjectives identified as the most frequently used
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person-descriptive adjectives in the English language by Saucier
(1997). Participants rated the adjectives on a scale ranging from
1 (very uncharacteristic or untypical of me) to 7 (very characteristic
or typical of me) with a midpoint of 4 (uncertain, neutral, or meaning
is unclear). Additional analyses using these adjectives as assessed in
this sample have been reported elsewhere (Saucier, 2003; Saucier,
2010; Wood et al., 2007).

6.1.3. Personality instruments
Participants also completed a number of different question-

naires designed to assess the Big Five. In the current study, we uti-
lized some of these measures to validate the clusters that were
identified. Specifically, we focused on the abridged Big Five Cir-
cumplex (AB5C) scales from the International Personality Item Pool
(Goldberg, 1999) and the NEO-PI-R (Costa & McCrae, 1992). The
AB5C measure was administered approximately a year prior to
the administration of Saucier’s common trait adjectives; the NEO
was administered approximately 9 months prior to the administra-
tion of the adjectives.

6.2. Results

6.2.1. Identification of major clusters
To identify the major clusters of trait content in the lexicon, we

used a hierarchical cluster analysis. With this method, items are
grouped into a smaller number of clusters defined by aggregating
items that are ‘‘similar” or ‘‘close” to one another using a particular
distance measure (e.g., Pearson correlations or Euclidean dis-
tances). These relations can be summarized graphically through
the use of dendrograms – diagrams which detail the distances be-
tween clusters of items. Cluster analyses typically generate unipo-
lar clusters with antonyms appearing on separate clusters due to
the fact that negatively correlated items are considered ‘‘distant”
or ‘‘dissimilar” (e.g., tall will fall on a separate cluster than short,
tiny). To allow the formation of clusters containing antonyms, we
analyzed a set of adjectives that included all 504 items in their ori-
ginal form, and also created reverse-scored variables for all items,
resulting in a cluster analysis of 1008 items. As the inclusion of all
reversals in the cluster analysis resulted in dendrograms with two
symmetrical halves (i.e., one set of clusters in the first half and the
same set of clusters reverse-scored in the second half), only the
clusters in one half of the dendrogram were examined. To facilitate
the generation of bipolar clusters, we ipsatized the scores before
creating reversals (i.e., subtracted the person’s mean and divided
by their standard deviation across all items). In general, this ap-
peared to reduce the positive correlations between synonymous
terms (e.g., outgoing and sociable), and increase the negative corre-
lations between antonymous terms (e.g., outgoing and shy), which
is consistent with the use of ipsatizing as a means of removing gen-
eral acquiescence biases (Hofstee, ten Berge, & Hendriks, 1998;
Soto, John, Gosling, & Potter, 2008). All analyses conducted to iden-
tify clusters were done using these ipsatized scores.

Different clustering algorithms can be used to create clusters,
and optimize different criteria. The differences between these algo-
rithms can cause terms to be placed in different clusters in the den-
drogram. Consequently, we used three clustering algorithms to
extract initial cluster groups, which were then compared across
solutions. The first algorithm used was between-groups linkage (or
average-linkage) clustering, which estimates the distance between
two clusters as the average distance between all inter-cluster pairs.
The second algorithm used was the furthest-neighbor (or complete-
linkage) clustering, which estimates the distance between two
clusters as the distance between the two furthest (least related)
items of each cluster. The third algorithm used was within-group
linkage clustering, which attempts to minimize the distance be-
tween items within the same cluster. The complete-linkage and
between-group linkage algorithms tend to create clear clusters
more readily than other common clustering algorithms (Aldender-
fer & Blashfield, 1984), whereas within-group linkage generally re-
sults in fewer clusters but also tends to maximize the similarity of
items contained within the clusters.

For initial cluster extraction, a group of items was determined
to form a cluster if three items were found to cluster together be-
fore a particular distance in the dendrogram. The distances we se-
lected were chosen to correspond roughly to the point at which the
inter-item correlations exceeded .30. These decision rules were
used for a couple reasons. First, as one goal of the analysis was ulti-
mately to create an inventory where all clusters could be assessed
in a relatively practical manner, these decision rules were chosen
in order to ultimately identify a moderate number of clusters
(e.g., between 30 and 80 clusters) from the larger lexical pool. Sec-
ond, requiring three items to be associated beyond the chosen
threshold would make us more confident that the trait dimension
underlying the cluster was ‘‘well-represented” by terms in the lex-
icon and would likely be identified in other lexical datasets than if
only two items were required or a smaller intercorrelation was
necessary, which could lead to less internally consistent clusters.
Using these decision rules, a total of 55 clusters were extracted
from the between-linkage clustering, 81 from the complete-link-
age clustering, and 62 from the within-linkage clustering
algorithms.1

Given that different clustering algorithms can place similar
items in fairly different places in their dendrograms, the next task
was to identify clusters that had been extracted across multiple
solutions. The cluster membership of each item was compared
across the three methods and a cluster was considered to be iden-
tified across multiple solutions if it met any of the following
criteria:

(a) Any set of three or more items that were defined as part of
the same cluster in all three analyses.

(b) Any set of four items that were defined as part of the same
cluster in one solution, with three out of four of these items
defined as part of the same cluster in both of the other two
solutions.

(c) Any set of four or more items that were defined in the same
cluster in any two solutions.

(d) Any set of three or more items in which two items were
placed on the same cluster in all three solutions and addi-
tional items existed which had sufficiently high correlations
with the other items (all inter-item correlations >.30, and
average inter-item correlation >.40).

(e) Finally, to ensure that the items within the cluster showed
an adequate level of homogeneity, a group of items was only
considered to form a cluster if it consisted of at least three
items with all inter-item correlations >.30 and with an aver-
age inter-item correlation >.40, or if it consisted of at least
four items with nearly all inter-item correlations >.30, and
an average inter-item correlation >.35.

It should be noted that these rules allowed items forming a
large cluster in one solution to be split into two or more smaller
clusters if they formed smaller clusters with the other cluster algo-
rithms. For inclusiveness, when a group of items could be consid-
ered to be defined by more than one rule, the rule which
resulted in a cluster with more items was used. After comparing
the clusters across solutions using these rules, a total of 62 clusters
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were identified across analyses, which included 302 of the com-
plete set of 504 terms.

We took additional steps in order to minimize the presence of
redundant clusters, and to identify finer distinctions that might
have existed within large cluster groups. We focused on items:
(a) that were placed on a single cluster in two dendrograms but
were split into two clusters in a different dendrogram (which
would result in two clusters by the rules above), or (b) that fell
on a cluster containing six or more items. The items defining such
clusters were placed into a factor analysis using principle axis fac-
toring and direct oblimin rotations. If two distinct dimensions
could be identified within the analysis which each had at least
three items with loadings of .40 or above, two clusters would be
considered from the larger group, and if not, only one cluster
would be considered. Ultimately, this resulted in splitting one large
cluster into two smaller clusters, and combining four clusters into
two larger clusters. A total of 61 clusters were ultimately identified
following these procedures; the person-descriptor adjectives
which defined each cluster are provided in Appendix A.

6.2.2. Factor structure of the 61 clusters
We next explored the structure of the 61 clusters by construct-

ing a ‘‘factor tree” (Goldberg, 2006b; Wood et al., 2007) to explore
the major content areas represented as a progressively larger num-
ber of factors were extracted. A central goal of this investigation
was to examine the extent to which the cluster extraction method
resulted in a set of clusters which represented major dimensions of
content (e.g., extraversion) in proportion to its level of representa-
tion in the larger pool. Because the dataset used to extract the clus-
ters was the same as that used in Saucier’s (1997) investigation, we
were particularly interested in the nature of the seven-factor solu-
tion: if the seven-factor structure identified here is similar to the
seven-factor structure reported by Saucier (1997), it would suggest
that our 61 clusters represented content roughly in proportion to
its density in the larger lexical pool of 504 terms.

Since the clusters differed in the number of items that were
contained in each, which would serve to create differential reliabil-
ity across clusters if all items were averaged as a function of differ-
ential scale length, the length of the cluster scales was
standardized by averaging two items in the cluster. Our goal in
selecting markers was to use adjectives that measured the content
closest to the core of the cluster, and to select two terms that were
highly synonymous, so that the markers communicated similar
information about the core content of the cluster. In most cases,
the two terms we selected to represent the cluster were the two
items with the highest factor-loadings when the cluster items were
placed into a factor analysis and one factor was extracted (the
items are presented in this order in Appendix A). Occasionally
markers besides the two with the highest factor-loadings were
used; this was done: (1) primarily in order to use cluster markers
that were more synonymous (e.g., the markers smart, intelligent
was used instead of smart, intellectual), which was determined in
part by looking at inter-item correlations, (2) to avoid the use of
negation terms and ‘‘un-” words when possible (e.g., the marker
awkward, clumsy was used instead of awkward, ungraceful), and
(3) to utilize more behavioral terms within the cluster than evalu-
ative or reputational terms when possible (e.g., influential was used
instead of well-known).

As the two-item cluster markers were selected to use highly
synonymous terms, we expected the inter-item reliabilities of
these two-item marker scales to be fairly high. We estimated Cron-
bach’s alpha for each of the 61 two-item cluster markers (see Ta-
ble 2); these coefficients can be interpreted as the expected
correlation between the two-item marker scales with two different
but equally synonymous terms. Across the 61 cluster markers, al-
phas ranged from .56 to .94 (average a = .76).
The two markers selected to represent the clusters were aver-
aged and then entered into a factor analysis. Varimax rotations of
factors extracted using principal axis factoring were used to extract
factors from the ipsatized data; the first 12 eigenvalues were 10.0,
5.5, 3.7, 2.4, 2.3, 2.2, 1.6, 1.5, 1.4, 1.3, 1.2, and 1.1. Although these
eigenvalues provide some indication of a six-factor structure, we
chose to construct a factor tree detailing the nature of the factors
identified as successively more factors were extracted, as this can
frequently provide more information about the factor structure
of a dataset (see Goldberg, 2006b). This is shown in Fig. 1; only
the first seven factors are shown, as the eight-factor solution pro-
duced a factor with only a single cluster marker loading above .40
(unreliable/undependable). To aid in interpreting the factors, one
adjective from at least the first four highest-loading cluster mark-
ers for each factor is given.

A couple of findings are noted here. First, the two-factor solu-
tion consisted of a factor defined by terms relating to agency, dyna-
mism, and positive emotionality (exciting, sadR, admirable,
confident) and a factor defined by terms relating to communion
and social self-regulation (pleasant, kind-hearted, courteous, stable).
Within the five-factor solution, four of the factors showed close
resemblance to the traditional Big Five factors: agreeableness,
emotional stability, extraversion, and conscientiousness-related
factors could be identified, however, a strong positive evaluation/
attractiveness dimension was found in the place of an intellect or
openness factor. By the six and seven-factor solutions, however,
all of the traditional Big Five factors were clearly recognizable.
Interestingly, this analysis neatly separated intellect and openness
interpretations of the fifth factor found in five-factor structures
(e.g., DeYoung, Quilty, & Peterson, 2007) into separate factors in
the seven-factor solution, with an openness factor splitting off
from a broader conscientiousness factor and an intellect factor
splitting off from a broader positive evaluation factor.

Although the eigenvalues associated with the 61 clusters did
not suggest a seven-factor structure as clearly as Saucier’s (1997)
original investigation using unaggregated trait adjectives from this
dataset, our results indicated that the seven-factor solution none-
theless appeared very similar to the seven-factor solution reported
by Saucier, with both showing Big Five-like factors and a physical
attractiveness factor. The only significant divergence was the iden-
tification of a ‘‘negative valence” or ‘‘low-base-rate” factor in Sauc-
ier’s (1997) seven-factor solution, which was replaced here with a
traditionalism or low openness factor. The similarity of the two se-
ven-factor solutions indicates that the 61 clusters represented ma-
jor dimensions of content in close proportion to its level of
representation within the broader set of 504 items.
6.2.3. Relationships between the 61 clusters and Big Five measures
We next explored how the cluster markers were associated

with the NEO and AB5C scales in order to see how the clusters re-
lated to common Big Five measures; the results are reported in Ta-
ble 1. To provide more structure to the presentation of the results,
we chose to order the clusters in descending order of the Big Five
trait they showed the highest association with, and to group clus-
ters dealing with the highly evaluative/reputational and physical
content at the bottom of the table. We limit our discussion of
how AB5C and NEO scales were associated with the cluster mark-
ers to associations that exceeded |r| = .30.
6.2.3.1. Extraversion. The NEO and AB5C extraversion scales were
most associated with clusters indicating sociability (outgoing/soci-
able, bashful/shy), indicating this was the content closest to the core
of standard extraversion scales. The scales also tended to correlate
with clusters indicating positive emotionality and affectivity (hap-
py/joyful, positive/optimistic vs. sad/unhappy), various indicators of



Table 1
Correlations between cluster markers and AB5C, NEO, and BFI scales.

Cluster markers Extraversion Agreeableness Conscientiousness Emotional stability Openness/intellect

AB5C(S1) NEO (S1) BFI (S3) AB5C(S1) NEO (S1) BFI (S3) AB5C(S1) NEO (S1) BFI (S3) AB5C(S1) NEO BFI (S3) AB5C(S1) NEO (S1) BFI (S3)

Outgoing, sociable .66 .62 .78 .35 .18 .21 .12 .13 .12 .11 .23 .23 .14 .16 .12
Enthusiastic, excited .59 .59 .59 .29 .10 .34 .07 .11 .23 .09 .17 .26 .28 .30 .16
Bold, assertive .60 .46 .57 �.07 �.23 �.13 .11 .15 .13 .12 .21 .20 .28 .14 .12
Happy, joyful .41 .43 .46 .40 .31 .43 .10 .18 .23 .35 .41 .34 .03 .08 .11
Loud, noisy .44 .32 .50 �.12 �.18 �.19 �.16 �.19 �.15 �.22 �.15 .05 .05 .05 .03
Funny, amusing .45 .38 .39 .09 �.07 .11 �.10 �.03 .10 �.01 .07 .22 .24 .19 .18
Brave, adventurous .35 .36 .38 .01 �.05 .06 �.04 .04 .10 .13 .18 .22 .31 .24 .31
Bashful, shy �.54 �.41 �.74 �.11 �.01 �.09 �.14 �.21 �.09 �.19 �.32 �.33 �.10 �.04 �.09
Kind-hearted, caring .21 .28 .21 .67 .47 .61 .17 .12 .24 .12 .10 .09 .16 .20 .20
Giving, generous .24 .30 .18 .58 .42 .57 .11 .09 .22 .09 .10 .10 .14 .18 .16
Pleasant, agreeable .14 .21 .25 .49 .39 .49 .14 .17 .29 .20 .24 .24 .08 .10 .12
Thankful, grateful .17 .23 .23 .46 .36 .50 .16 .12 .32 .15 .14 .14 �.09 .00 .14
Affectionate, loving .41 .38 .29 .50 .30 .49 .08 .04 .20 �.01 .05 .07 .22 .27 .16
Courteous, polite .05 .14 .09 .49 .34 .46 .31 .20 .36 .13 .13 .11 �.02 .02 .15
Truthful, honest .00 .06 .17 .38 .27 .36 .25 .23 .36 .15 .17 .08 �.02 �.05 .14
Rude, inconsiderate �.03 �.10 �.07 �.48 �.41 �.65 �.30 �.24 �.28 �.27 �.24 �.12 .02 �.01 �.12
Selfish, self-centered .01 �.05 �.01 �.47 �.46 �.57 �.23 �.20 �.21 �.29 �.23 �.11 .10 .07 �.08
Unfriendly, cold �.34 �.33 �.26 �.52 �.40 �.57 �.19 �.17 �.26 �.19 �.21 �.16 �.09 �.11 �.12
Angry, hostile �.09 �.13 �.05 �.40 �.41 �.56 �.23 �.23 �.17 �.50 �.48 �.28 .09 .05 �.05
Conceited, egotistical .27 .15 .02 �.32 �.44 �.56 �.12 �.08 �.17 �.16 .01 �.10 .21 .13 �.07
Cruel, abusive .04 .01 �.09 �.37 �.35 �.48 �.13 �.15 �.24 �.31 �.26 �.20 �.02 .01 �.11
Controlling, dominant .38 .25 .26 �.24 �.40 �.41 .10 .08 �.01 �.22 �.10 �.06 .20 .04 �.04
Dependable, reliable .06 .14 .10 .29 .16 .31 .36 .34 .56 .09 .15 .04 .03 �.07 .07
Practical, sensible .01 .05 .01 .23 .13 .20 .41 .39 .40 .17 .19 .14 .00 �.14 .01
Competent, capable .24 .26 .23 .24 .04 .27 .38 .34 .42 .22 .31 .14 .28 .11 .24
Disorganized, messy �.02 �.07 .01 �.15 �.11 �.09 �.63 �.55 �.61 �.15 �.18 �.14 .09 .18 .07
Undependable, unreliable �.09 �.10 �.08 �.26 �.15 �.38 �.39 �.35 �.54 �.12 �.21 �.13 �.02 .05 �.10
Awkward, clumsy �.13 �.17 �.09 �.10 �.06 �.13 �.35 �.31 �.29 �.34 �.37 �.21 .01 .06 .07
Calm, relaxed �.02 .00 .09 .19 .21 .19 .04 .10 .05 .51 .45 .60 .00 �.05 .05
Confident, self-assured .45 .37 .48 .18 .07 .19 .27 .33 .29 .45 .55 .40 .16 .02 .14
Stable, well-adjusted .25 .24 .26 .32 .21 .29 .30 .36 .33 .45 .52 .42 .08 �.06 .08
Positive, optimistic .37 .40 .45 .33 .21 .41 .15 .23 .24 .39 .45 .41 .14 .14 .15
Tense, anxious �.10 �.11 �.22 �.10 �.15 �.22 �.09 �.19 �.04 �.58 �.56 �.81 �.07 �.02 �.08
Afraid, scared �.23 �.19 �.27 �.11 �.10 �.19 �.21 �.29 �.18 �.54 �.61 �.55 �.09 .02 �.09
Sad, unhappy �.33 �.32 �.39 �.30 �.23 �.36 �.17 �.27 �.28 �.52 �.57 �.57 �.02 �.02 .00
Touchy, temperamental �.06 �.09 �.04 �.22 �.25 �.39 �.07 �.19 �.18 �.53 �.51 �.44 .01 .02 �.08
Crabby, grouchy �.12 �.16 �.22 �.37 �.37 �.52 �.17 �.24 �.24 �.46 �.47 �.44 �.02 �.02 �.09
Lonely, lonesome �.28 �.27 �.40 �.19 �.15 �.29 �.17 �.23 �.22 �.38 �.45 �.46 .09 .02 .02
Creative, imaginative .31 .19 .20 .10 �.06 .15 .03 .06 .04 .08 .16 .14 .50 .39 .72
Intelligent, smart .17 .12 .20 .07 �.08 .16 .12 .13 .31 .19 .26 .14 .51 .30 .23
Radical, rebellious .12 .06 .18 �.27 �.33 �.33 �.33 �.27 �.29 �.25 �.22 �.01 .36 .32 .13
Skilled, skillful .22 .17 .25 .03 �.04 .20 .25 .25 .33 .25 .29 .22 .34 .19 .33
Traditional, conservativea �.18 �.11 �.04 .04 .03 .14 .37 .26 .17 .05 .02 �.04 �.33 �.46 �.19
Narrow-minded, close-minded �.19 �.20 �.14 �.26 �.27 �.33 .02 �.02 �.12 �.25 �.23 �.17 �.27 �.33 �.24
Exciting, fascinating .59 .53 .54 .12 �.07 .23 .08 .16 .18 .15 .25 .24 .40 .26 .25
Prominent, influential .44 .43 .44 �.02 �.11 .11 .17 .25 .23 .19 .27 .18 .16 .08 .23
Well-liked, likeable .40 .43 .35 .42 .25 .42 .20 .17 .25 .21 .27 .21 .09 .07 .15
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agentic behavior (bold/assertive, loud/noisy), and sense of humor
(funny/amusing).

6.2.3.2. Agreeableness. The agreeableness scales were most associ-
ated with the clusters indicating concern for others (kind-hearted/
caring, giving/generous) vs. self-serving dispositions (selfish/self-cen-
tered, conceited/egotistical). Agreeableness scales were also mod-
estly associated with clusters indicating mannerly behavior
(rude/inconsiderate, courteous/polite), irritability (crabby/grouchy,
touchy/temperamental), antisocial tendencies (unfriendly/cold,
cruel/abusive) and some aspects of positive emotionality (sad/un-
happy, positive/optimistic).

6.2.3.3. Conscientiousness. The conscientiousness scales were most
associated with clusters indicating organization (disorganized/
messy) and dependability (dependable/reliable, competent/capable).
The scales were also regularly associated with clusters indicating
emotional and physical poise (stable/well-adjusted, confident/self-
assured vs. awkward/clumsy).

6.2.3.4. Emotional stability. The emotional stability (vs. neuroti-
cism) scales were most associated with clusters indicating tenden-
cies to be worrisome (tense/anxious, afraid/scared vs. calm/relaxed),
irritable (touchy/temperamental, angry/hostile), to show positive or
negative emotionality (happy/joyful, positive/optimistic, vs. lonely/
lonesome), and to be well-adjusted (confident/self-assured, stable/
well-adjusted).

6.2.3.5. Openness/intellect. Although the AB5C Intellect and NEO
openness measures take somewhat different interpretations of
the ‘‘fifth-factor” in five-factor personality structures (John & Sri-
vastava, 1999), they showed fairly similar patterns of correlates.
The measures showed their highest correlations with self-views
of having talent (creative/imaginative, intelligent/smart) and with
clusters indicating unconventionality (radical/rebellious vs. nar-
row-minded/close-minded, traditional/conservative).

6.2.3.6. Physical, evaluative and reputational characteristics. We also
found regular associations between the AB5C and NEO scales and
the physical, evaluative, and reputational trait terms that are usu-
ally excluded from lexical studies (Saucier, 1997). Extraversion
scales were associated with evaluations of being prominent/influen-
tial, great/wonderful, attractive/good-looking, beautiful/pretty and
youthful/young. Both extraversion and openness/intellect scales
were associated with seeing oneself as more interesting (exciting/
fascinating, admirable/impressive, vs. ordinary/average). In addition,
the cluster well-liked/likeable showed sizable correlations with
both extraversion and agreeableness scales, the cluster weird/
strange was associated with lower conscientiousness, agreeable-
ness, emotional stability, and higher openness/intellect, and the
cluster lucky/fortunate showed modest associations with measures
of emotional stability and agreeableness.

6.3. Discussion

We conducted a cluster analysis of Saucier’s (1997) list of the
most frequently used person-descriptor adjectives in the English
language in order to form a more empirically-based and compre-
hensive survey of the content that can be considered to define
the lower-order structure of individual differences in the lexicon.
The analysis resulted in the identification of a smaller set of 61
clusters that could be used to represent the content contained
within the larger set of 504 adjectives. These analyses resulted in
a smaller set of clusters that represented major dimensions of con-
tent (such as extraversion or agreeableness) in approximately the
proportion with which they were represented in the larger set of



Table 2
Reliability estimates of IIDL measures, and associations with gender and life satisfaction.

IIDL item Big Five |rs| > .30 Alpha Retest r Gender (d) Life satisfaction (r)

S1 S2 S1 S3 S4 S1 S3 S4

Outgoing, sociablea E .75 .77 .28 .14 .12 .13 .33 .28
Enthusiastic, excited E .68 .65 .20 .33 .36 .25 .39 .32
Bold, assertive E .56 .64 �.10 �.20 �.12 .12 .24 .18
Happy, joyful E, A, S .76 .64 .16 .29 .26 .45 .48 .53
Loud, noisy E .79 .63 .04 .00 .02 .06 .13 .08
Funny, amusing E .84 .57 .04 .08 �.26 .14 .26 .07
Brave, adventurousa E,O .69 .61 �.06 �.16 �.28 .09 .13 .06
Bashful, shy -E, -S .84 .73 �.14 �.08 .02 �.12 �.33 �.21
Kind-hearted, caring A .76 .57 .43 .45 .40 .11 .19 .14
Giving, generous A .74 .64 .37 .47 .43 .10 .18 .12
Pleasant, agreeable A .65 .48 .30 .20 .18 .21 .25 .19
Thankful, grateful A .81 .55 .28 .33 .32 .19 .33 .26
Affectionate, lovinga A, E .75 .59 .51 .43 .28 .11 .32 .22
Courteous, polite A, C .79 .52 .24 .12 .18 .10 .08 .16
Truthful, honest A .85 .54 .22 .14 .08 .10 .19 .20
Rude, inconsiderate -A .77 .60 �.22 �.45 �.32 �.07 �.05 �.16
Selfish, self-centered -A .66 .57 �.28 �.27 �.12 �.04 .04 �.10
Unfriendly, colda -A, -E .74 .52 �.32 �.43 �.24 �.09 �.14 �.22
Angry, hostile -A, -S .67 .58 �.20 �.39 �.26 �.22 �.04 �.28
Conceited, egotistical -A .71 .65 �.20 �.39 �.38 .08 �.07 �.02
Cruel, abusive -A .76 .49 �.26 �.47 �.18 �.11 �.05 �.16
Controlling, dominant -A .79 .68 �.08 �.16 .06 .02 .13 .06
Dependable, reliable C .68 .54 .34 .35 .08 .09 .17 .20
Practical, sensiblea C .77 .53 .22 .10 �.10 .11 .20 .15
Competent, capable C .76 .56 .18 .33 .02 .13 .22 .22
Disorganized, messya -C .76 .77 �.06 �.16 �.22 �.09 �.16 �.16
Undependable, unreliablea -C .74 .56 �.24 �.37 �.12 �.05 �.19 �.21
Awkward, clumsy -C, -S .70 .69 .26 .35 .36 �.12 �.12 �.14
Calm, relaxed S .69 .60 �.10 �.37 �.43 .24 .22 .20
Confident, self-assured S, E .73 .55 �.10 �.14 �.16 .35 .40 .41
Stable, well-adjusted S, C, A .84 .64 .10 .08 �.04 .35 .40 .46
Positive, optimistic S, E, A .72 .65 .06 .16 .12 .35 .40 .45
Tense, anxiousa -S .75 .64 .16 .27 .28 �.25 �.29 �.24
Afraid, scared -S .75 .60 .14 .12 .28 �.27 �.22 �.20
Sad, unhappy -S, -E, -A .82 .65 .00 �.10 �.04 �.44 �.45 �.53
Touchy, temperamental -S .78 .61 .08 �.10 .12 �.21 �.19 �.17
Crabby, grouchy -S, -A .64 .55 �.10 �.12 .00 �.22 �.15 �.26
Lonely, lonesome -S .85 .66 .06 �.33 �.20 �.32 �.32 �.47
Creative, imaginativea O .90 .77 �.02 .04 .04 .02 .09 .03
Intelligent, smart O .78 .66 �.02 .08 �.26 .08 .25 .13
Radical, rebellious O, -A, -C .81 .59 �.12 �.27 �.20 �.10 �.08 �.12
Skilled, skillfula O .69 .59 �.18 �.20 �.30 .14 .25 .23
Traditional, conventionalb -O .81 .68 �.06 .00 .08 .01 .13 .18
Narrow-minded, close-minded -O, -A .63 .61 �.30 �.31 �.14 �.01 .00 �.03
Exciting, fascinating E .75 .50 .04 �.02 �.12 .23 .36 .19
Prominent, influentiala E .79 .60 �.22 �.06 �.24 .18 .30 .22
Well-liked, likeable E, A .70 .58 .24 .20 .02 .21 .14 .26
Admirable, impressive E .75 .59 �.02 �.02 �.14 .19 .37 .31
Great, wonderful E .71 .63 .10 �.06 .21 .36
Weird, strange -C .87 .74 �.12 �.02 �.28 �.12 �.13 �.20
Lucky, fortunate S .78 .46 .04 .27 .37 .37
Ordinary, average -O, -E .85 .66 .22 .22 .26 �.06 �.13 .00
Wealthy, well-to-do – .62 �.32 �.10 .28 .31
Attractive, good-looking E .75 .76 .18 �.04 .23 .25
Beautiful, pretty E .83 .53 .39 .17 .25
Youthful, young E .81 .14 .37 .12 .21
Feminine, unmasculineb A .70 .90 1.47 2.10 1.49 .01 .02 .10
Healthy, well A .86 .00 .10 .27 .33
Tired, exhausted �S .79 .37 .14 �.24 �.13
Slim, slender – .94 �.18 �.12 .21 .17
Short, little – .69 .26 .37 .09 �.03

Note: All statistically significant associations (p < .05) are italicized. Column labeled ‘‘Big Five |rs| > .30” shows any AB5C or NEO measure that correlated >.30 with cluster
markers in S1, and table is in same order as Table 1. E = extraversion, A = agreeableness, C = conscientiousness, S = emotional stability, O = openness/intellect. All Cohen’s d for
gender >.40 and correlations with SWLS >.20 are shown in bold.

a Indicates that item was administered by a different item in S2.
b Indicates that item was administered by different cluster markers in S1; see Section 7.1 for more details. Blank cells indicate that the IIDL item was not administered in

this subsample.
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adjectives, indicating that the set of 61 clusters can stand as a suit-
able substitute for the larger lexical set without dramatically over-
emphasizing or underemphasizing certain content.

As can be seen by a closer examination of Table 1, 57 of the 61
clusters showed at least one correlation of absolute magnitude
greater that .30 with either the NEO or AB5C measures of the Big
Five and 41 of the 61 clusters showed at least one correlation
>.40. Characteristics that were only weakly captured in the Big Five
space were of particular interest because they have likely garnered
less attention from personality psychologists. Some of these
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Fig. 1. Pattern of factor emergence among 61 cluster markers. Solid lines show all correlations that exceed |r| = .50 between factors from adjacent extractions. If no
correlations reached this magnitude, the highest correlation is shown in dotted lines. The number within each box indicates the order in which the factor emerged within the
analysis.
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characteristics included adventurousness, dominance, awkward-
ness, honesty, rebelliousness, and cruelty. Additionally, we identi-
fied numerous clusters that reflected evaluative and reputational
traits (self-perceptions of being exciting, lucky, strange, rich,
impressive, and prominent) and physical traits (health, youth,
weight, height, and attractiveness) that are usually excised from
lexical studies of the personality trait structure (Saucier, 1997).
7. Study 2: Construction and validation of the Inventory of
Individual Differences in the Lexicon

Whereas the primary goal of Study 1 was to generate a more
comprehensive list of the content clusters that can be identified
within the lexicon, the primary goal of Study 2 is to establish a
suitable measure of these clusters and address some likely con-
cerns with its use. We thus created an instrument where the clus-
ter markers used in Study 1 were combined into single-item scales,
which we termed the Inventory of Individual Differences in the
Lexicon (IIDL). We next estimated the level of reliability that exists
when assessing IIDL items by estimating test–retest correlations
for the items over a very short retest interval, and explored the ex-
tent to which the IIDL items function similarly to the cluster mark-
ers identified in Study 1 by relating the items to the Big Five
Inventory (BFI; John & Srivastava, 1999). Finally, we explored
how the items of the IIDL were associated with gender and the Sat-
isfaction with Life Scale (SWLS; Pavot & Diener, 1993) in three
samples, in order to illustrate how comprehensive instruments
can reveal relationships that will likely be missed through the sole
use of broad personality scales.

7.1. Method

7.1.1. Development of the Inventory of Individual Differences in the
Lexicon

Similar to a number of other comprehensive instruments (e.g.,
Block, 1961; Westen & Shedler, 1999), we created a measure we
termed the Inventory of Individual Differences in the Lexicon (IIDL)
in which each cluster identified in Study 1 was represented by a
single item. To make the meaning of the item clearer than might
be possible with a single adjective (Goldberg & Kilkowski, 1985),
we chose to form the items of the IIDL by combining the two clus-
ter markers used in Study 1 into a single item, separated by com-
mas. For instance, the height cluster identified in Study 1 was
represented by the cluster markers short and little, and therefore
was represented in the IIDL by the item ‘‘short, little.” Two excep-
tions were made: the cluster represented by adjectives conserva-
tive, traditional, liberal (rev), and old-fashioned was represented by
the item ‘‘traditional, conventional,” after it was determined that
the term conventional, which was not included in the original
adjective set, was a better synonym of traditional and would better
capture the core of the cluster, and the cluster represented by the
terms feminine, masculine (rev), motherly, and competitive (rev) was
represented by the item ‘‘feminine, unmasculine” after determin-
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ing that the other cluster terms were poor synonyms of feminine,
and to maintain the use of synonymous terms in creating all items.
As each cluster identified in Study 1 was represented by a single
item, this resulted in an instrument containing 61 items. The items
forming the inventory can be seen in Table 2.

7.1.2. Participants and procedure
We report data collected from three samples, in addition to pre-

senting some further analyses from the sample used in Study 1
(S1). We describe these additional samples below.

7.1.2.1. Sample 2 (S2). A total of 343 freshman students partici-
pated in a broader study concerning the interplay of personality
characteristics and social relationships, particularly roommate
relationships. Of these participants, 204 (60%) were females. The
study was initiated near the end of the spring semester, and indi-
viduals were offered $15 for completing the study at two time
points a couple days apart. The mean lag between the first and sec-
ond testing interval was 5.2 days (SD = 3.2); the median retest
interval was 4 days.

In completing the surveys, participants indicated who they
would be living with the following academic year. As a major focus
of this study was on roommate dyads, participants were only con-
tacted to complete follow-up surveys if both the participant and
the participant’s roommate for the following academic year had
completed the initial assessment (N = 190). For the fall follow-up,
these individuals were offered $25 for completing the survey twice
approximately a week apart. A total of 140 people completed the
fall follow-up. In this wave, the mean lag between the first and sec-
ond testing interval was 4.4 days (SD = 3.4); and the median retest
interval was 3 days. For the final spring follow-up, these same 190
individuals were offered $30 to complete the study two times
approximately a week apart, and a total of 147 people completed
the spring follow-up. In this wave, the mean lag between the first
and second testing interval was 6.1 days (SD = 3.7), and the median
retest interval was 5 days.

The central analyses of interest with the S2 sample concerned
estimating the test–retest reliability of the items over very short
time-spans. In all administrations, the materials of the survey were
administered online, and participants completed the study at their
convenience within the 2 weeks that the materials were made
available. As part of the survey, participants completed an early
version of the IIDL, using the instruction ‘‘How much do the traits
describe you in general?” by rating the items on a 7-point scale
ranging from 1 (Extremely uncharacteristic) to 7 (Extremely charac-
teristic). As the cluster markers used in the IIDL were modified
somewhat between the first and second waves of the study, we
added IIDL items that were not surveyed in the first administra-
tion, except in cases where an item could be identified in the older
version of the IIDL that contained one of the adjectives used to rep-
resent the item in the final version seen in Table 2 (e.g., the older
items outgoing/extraverted and prominent/well-known were used
to represent the IIDL item measured by the terms outgoing/sociable
and prominent/influential in Table 2).2
2 The IIDL items are discussed in the text by italicizing the adjectives and
separating them by a slash mark (outgoing/sociable) despite the fact that participants
are presented with the same items in a slightly different format (‘‘outgoing, sociable”)
This convention was adopted to avoid a confusing proliferation of commas and
quotation marks in the text. The early version of the IIDL was constructed from a
cluster analysis that included terms outside of the 504 ‘‘most familiar terms”
identified by Saucier (1997), and thus changed when the cluster analysis was
restricted to these terms. The similar items from an earlier version of the IIDL are (in
the order the items are given in Table 2): outgoing/extraverted, brave/fearless
unsympathetic/unfriendly, affectionate/passionate, messy/sloppy, unreliable/undepend
able, level-headed/sensible, tense/nervous, creative/artistic, skilled/talented, and promi-
nent/well-known.
.

,
-

In these cases, the old item was retained in the second wave in
order to enable test–retest analyses across the waves of the study
using strictly parallel items, and the old items that are not perfectly
parallel with the final version of the IIDL are indicated in Table 2.
Participants did not rate the IIDL items that concerned more phys-
ical or general status-related characteristics in this sample.

7.1.2.2. Sample 3 (S3). An additional sample consisted of 507 partic-
ipants who were recruited through an introductory psychology
subject pool. Of these participants, 298 were female (59%). Partic-
ipants completed both the IIDL and BFI on the internet, where the
items of both inventories were presented in an order that was ran-
domized for each participant. All BFI items were rated first, and
then the IIDL items were rated; all ratings were made on a scale
ranging from 1 (Extremely uncharacteristic of me; I am never like
this) to 9 (Extremely characteristic of me; I am always like this). Each
item was presented on the screen one term at a time, and clicking
on a response option caused the next item to be presented. Cron-
bach’s alpha for the BFI scales ranged from .84 to .88. Participants
also completed a range of other items unrelated to the current
analyses.

7.1.2.3. Sample 4 (S4). Our final sample consisted of participants
who completed the IIDL through a publicly available survey on
the internet. The survey was called ‘‘The Celebrity Similarity Test”,
and individuals were told that by completing the survey they could
learn how similar they were to a range of celebrities and fictional
characters. Participants were only counted within this sample if
they indicated that they had never completed the survey before,
if they reported that they had answered the questions truthfully,
if they indicated that their answers could be used in research,
and if they indicated their name and age. A total of 1479 partici-
pants met these conditions, of which 782 were female (53%). In this
survey, most of the IIDL items concerning more physical traits
were omitted as well as some other evaluative items.

7.1.2.4. Satisfaction with life scale. A subset of participants in the S3
sample (N = 259) and most participants of the S4 sample
(N = 1471) completed the five-item Satisfaction with Life Scale
(SWLS; Pavot & Diener, 1993; a = .83). The SWLS was also com-
pleted by a subset of 561 participants from the S1 sample approx-
imately eight years after the administration of the common trait
adjectives.

7.2. Results and discussion

7.2.1. Test–retest stabilities of IIDL items
The test–retest stabilities of the IIDL items over retest periods of

less than a week were estimated for each of the three waves of the
S2 sample. Since the rank-ordering of the most to least stable IIDL
items was quite consistent across the three waves (the average col-
umn-vector correlation of stability estimates was .65), stability
estimates from the three waves were averaged together (a = .85).
As seen in Table 2, the short test–retest stabilities ranged from
.46 to .90 (mean r = .62) across the 54 IIDL items assessed in the
sample. The IIDL items with the highest test–retest stabilities in-
cluded the items feminine/unmasculine, outgoing/sociable, disorga-
nized/messy, creative/imaginative, and attractive/good-looking (all
rs P .75). The IIDL items with the lowest test–retest stabilities
were the items ordinary/average, pleasant/agreeable, cruel/abusive,
and exciting/fascinating (all rs 6 .50).

Although we primarily consider the IIDL items without aggrega-
tion, they can be used to create broad, multi-item Big Five scales
(or other superfactor scales) if so desired. To estimate how the ret-
est correlations of longer scales differed from those of single items,
we constructed five-item scales to roughly represent the Big Five
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using the five clusters that correlated most highly with each BFI
trait scale as shown in Table 1, and then estimated the test–retest
reliabilities of these scales in the S2 sample. The test–retest reli-
abilities for the five-item scales were .84, .71, .73, .82, and .77 for
extraversion, agreeableness, conscientiousness, emotional stabil-
ity, and openness to experience, respectively. This corresponded
to test–retest reliabilities of .69, .58, .63, .68, and .69 for the aver-
age test–retest reliabilities of the five-items of each dimension
considered without aggregation. This result indicates that IIDL
items can be combined to create Big Five composite scores which
will have modestly higher test–retest reliabilities.

7.2.2. Relationship between IIDL and Big Five measures
We next examined the relationships between the IIDL items

and BFI scale scores among the S3 participants (Table 1). Of cen-
tral interest was the extent to which items were related to the Big
Five in a similar pattern to the cluster markers used in Study 1.
Since the BFI and IIDL items were collected contemporaneously,
we also examined how closely single-item scales could serve as
proxies for overall BFI scale scores by examining the magnitude
of the correlations for the most highly correlating items for each
trait.

As can be seen, 52 of the 61 IIDL items had at least one correla-
tion with a BFI scale exceeding a magnitude of |r| = .30 among the
S3 participants, although the number differed dramatically by trait.
A total of 21 items showed correlations of this magnitude with BFI
Extraversion, 28 with BFI Agreeableness, 15 with BFI Conscien-
tiousness, 14 with BFI Emotional Stability, and only three with
BFI Openness. Since the IIDL was designed to represent content
in rough proportion to its level of representation in the lexicon,
we interpret the dramatically lower number of openness-related
items as consistent with the finding that openness is generally less
represented by common lexical terms than the remaining Big Five
traits (John & Srivastava, 1999).

Within each Big Five domain, there were regularly very strong
correlations between the BFI measure and certain IIDL items. For
instance the item outgoing/sociable correlated .79 with BFI Extra-
version, rude/inconsiderate correlated �.65 with BFI Agreeableness,
disorganized/messy correlated �.61 with BFI Conscientiousness,
tense/anxious correlated �.82 with BFI Emotional Stability, and cre-
ative/imaginative correlated .72 with BFI Openness. The observa-
tion of several correlations exceeding .70 between single IIDL
items and BFI scales indicates that single-item scales can serve as
useful substitutes for superfactor scales.

7.2.3. Relationship between gender and individual differences
Our next analyses were conducted to illustrate how gender dif-

ferences in traits could be better understood by using a compre-
hensive instrument than by simply reporting associations with
superfactor measures. Using the S3 sample, we first estimated gen-
der differences on the Big Five by using the BFI and five-item IIDL
estimates of the Big Five described earlier; we report Cohen’s d sta-
tistics. Largely replicating previous research (Feingold, 1994; Sch-
mitt, Realo, Voracek, & Allik, 2008), we found women to be
significantly higher on agreeableness (ds = .45/.50 for the BFI/IIDL
scales respectively) and conscientiousness (.37/.33), and less con-
sistently found women to describe themselves as lower on emo-
tional stability (�.56/�.10). Women did not differ from men
notably in their levels of extraversion (.04/.18) or openness
(�.14/.04). To illustrate how gender differences in personality
characteristics might be better illuminated through an instrument
assessing a wide range of narrow attributes, we present the corre-
lations between gender, the cluster markers used in the S1 sample,
and the IIDL items used in the S3 and S4 samples (see Table 2). Gi-
ven the similarity of the associations between gender and the IIDL
across the three samples (the average column-vector correlation of
gender/IIDL associations across samples was .90), we focus our dis-
cussion on relationships that were commonly observed across
samples.

Despite the negligible associations between the broad, multi-
item BFI and IIDL extraversion scales and gender, we found inter-
esting heterogeneity in how more specific aspects of extraversion
were associated with gender. Across samples, women generally de-
scribed themselves as having higher levels of positive affect than
men (happy/joyful, enthusiastic/excited), but lower levels of agentic
aspects (brave/adventurous, bold/assertive).

Within the domain of agreeableness, women described them-
selves as being more agreeable than men for nearly every aspect
assessed. However, some aspects regularly showed larger or more
negligible differences than others. Women tended to report the
largest differences from men on items related to affection for oth-
ers (kind-hearted/caring, giving/generous, affectionate/loving), but
about equal levels of mannerly or integrity-associated characteris-
tics (truthful/honest, courteous/polite).

Within the domain of conscientiousness, women described
themselves in the more conscientious direction for most traits
(dependable/reliable, competent/capable). However, in all samples
women also described themselves as significantly more awkward/
clumsy than men.

Given the frequently documented gender differences found be-
tween men and women on broad emotional stability or neuroti-
cism scales, there were surprisingly few associations between
gender and aspects of emotional stability. In all samples, women
generally described themselves as more tense/anxious and less
calm/relaxed than men. However, women reported equal levels of
most other aspects of emotional stability as men (sad/unhappy, tou-
chy/temperamental, positive/optimistic, stable/well-adjusted), and
actually reported being less lonely/lonesome.

There was considerable heterogeneity in the direction and mag-
nitude of gender differences across different aspects of openness
and intellect. Women consistently described themselves as less
radical/rebellious and skilled/skillful than men, indicating lower
openness, but also as less narrow-minded/close-minded, indicating
higher openness. Men and women reported indistinguishable lev-
els of the remaining aspects of openness/intellect.

We also explored how gender was associated with indicators of
the more evaluative and physical characteristics typically excluded
by personality scales. Unsurprisingly, women described them-
selves as more beautiful/pretty, short/little, and feminine/unmascu-
line than men. However, women also generally described
themselves as more well-liked/likeable and ordinary/average than
men, and as less prominent/influential.

7.2.4. Relationship between life satisfaction and individual differences
We next explored how the IIDL was associated with life satis-

faction, again contrasting this with the findings that would be
found with the sole use of Big Five scales. In the S3 sample, we first
correlated the BFI and five-item IIDL scale measures of the Big Five
with the SWLS, and found life satisfaction to be associated with
higher levels of extraversion (r = .36/.42 for the BFI/IIDL correla-
tions respectively), agreeableness (.20/.14), conscientiousness
(.26/.25), and emotional stability (.37/.37), and was unassociated
with openness (�.03/�.09). We then used the unaggregated IIDL
items to examine how the SWLS was associated with more molec-
ular traits related to and beyond the Big Five. Given the similarity
of the associations across the three samples (the average column-
vector correlation of SWLS/IIDL associations was .94), we discuss
the general findings across studies.

Not surprisingly, we found that in the domain of extraversion
the SWLS was most highly associated with the item happy/joyful.
Beyond this, the results indicated that aspects of extraversion asso-
ciated with agentic behavior (brave/adventurous, loud/noisy, bold/
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assertive) had consistently weaker associations with life satisfac-
tion than aspects associated with positive affectivity (enthusiastic/
excited) and sociability (outgoing/sociable).

Although agreeableness aspects were generally associated with
higher life satisfaction, there was substantial and regular variabil-
ity in the level of these associations. Life satisfaction was most
associated with interpersonal warmth (pleasant/agreeable, affec-
tionate/loving), but its correlation with mannerly tendencies (cour-
teous/polite) was negligible. Similarly, life satisfaction was
negatively associated with outwardly antisocial tendencies (un-
friendly/cold, angry/hostile) but was essentially unassociated with
more internal self-serving tendencies (selfish/self-centered, con-
ceited/egotistical).

Although there was little heterogeneity in how life satisfaction
was associated with aspects of conscientiousness and emotional
stability, there was interesting heterogeneity in how intellect and
openness aspects were associated with life satisfaction, with differ-
ent aspects of openness being positively, negatively, and not asso-
ciated with life satisfaction. Life satisfaction was consistently
positively associated with self-perceptions of being intelligent/
smart and skilled/skillful, was consistently unassociated with being
creative/imaginative, and was consistently negatively associated
with being unconventional (radical/rebellious vs. traditional/
conventional).

We also found that the SWLS was associated with self-percep-
tions of nearly every evaluative and physical trait assessed. Among
the more physical aspects, individuals who described themselves
as more attractive/good-looking, beautiful/pretty, youthful/young,
healthy/well, and slim/slender reported higher levels of life satisfac-
tion. Life satisfaction was regularly associated with self-percep-
tions of being exceptional or having high status (exciting/
fascinating, prominent/influential, admirable/impressive, great/won-
derful) and with evaluations of fitting in with others (well-liked/
likeable vs. weird/strange).
8. General discussion

In the current investigation, we were primarily interested in
delineating a more comprehensive lower-order structure of per-
sonality and showing how measures of this content can illumi-
nate relationships between personality and other variables of
interest that are not typically seen with broad measures. We
modified the procedures outlined by Block (1961) and Peabody
(1987) for generating inventories for the more comprehensive
measurement of individual differences. We summarize here
what we see as some of largest questions concerning the set
of clusters identified, the inventory created to measure them,
and the use of similar comprehensive approaches more
generally.
3 A correlation matrix detailing how all 30 NEO facets are associated with the 61
cluster markers within the ESCS sample is available from the first author.
8.1. Is the identified cluster set truly comprehensive?

The first major step in creating a comprehensive inventory con-
cerns the identification of the content that should be measured.
We believe that the procedures used in the current study represent
a more clearly empirical and replicable rationale for the identifica-
tion of a comprehensive list of individual difference dimensions
than past approaches (Block, 1961; Peabody, 1987), and that the
use of the pool developed by Saucier (1997) offers the unique
strength of constructing clusters by focusing on a well-defined
pool of frequently used trait terms. The methods used here should
also offer some benefits relative to approaches that attempt to lo-
cate facets of superfactors (e.g., Hofstee, de Raad, & Goldberg,
1992; Roberts Bogg, Walton, Chernyshenko, & Stark, 2004; Saucier
& Ostendorf, 1999), in that they should increase the likelihood of
identifying trait aspects that do not initially have high loadings
on the superfactors. As hoped, our more mechanical, data-driven
methods were able to identify both content considered central to
major personality dimensions and also numerous dimensions that
are only weakly captured by the Big Five dimensions, such as
adventurousness, sense of humor, dominance, honesty, cruelty,
rebelliousness, and masculinity/femininity. The analysis also iden-
tified content considered to represent major dimensions in the
structure of evaluations and social effects, such as evaluations of
being exciting, likeable, strange, average, and admirable (Saucier,
2010; Wood et al., 2007). The procedure also cleanly separated
many of the distinguishable dimensions that could be identified
within each Big Five domain. For instance, sociability, positive
affectivity, and assertiveness aspects of extraversion were readily
separated, as were creativity, intellect, and unconventionality as-
pects of openness to experience.

This said, the procedure failed to capture some content that
most would consider to represent important individual differences.
As a point of comparison, we can compare the 61 clusters identi-
fied to content that past researchers have pointed to as narrower
aspects of broad superfactors such as the Big Five. For instance,
although many of the dimensions identified by Roberts and col-
leagues (2004) as narrower aspects of conscientiousness were
clearly identified here (orderliness, conventionality, and reliabil-
ity), others were not (impulsiveness, industriousness, decisiveness,
punctuality). Similarly, an exploratory analysis we conducted link-
ing the clusters identified in Study 1 to the NEO facet measures
available in the ESCS dataset used in Study 1 indicated that several
NEO facet scales, including Excitement-Seeking, Achievement-
Striving, Impulsivity, and the Fantasy, Aesthetic, Feeling, and Ac-
tions facets of the Openness scale did not correlate substantially
(i.e., did not correlate above |r| = .40) with any of the 61 clusters
identified here. (Conversely, a large number of the clusters identi-
fied here did not correlate at this magnitude with any of the 30
NEO facets, such as the clusters truthful/honest, loud/noisy, awk-
ward/clumsy, creative/imaginative, radical/rebellious, weird/strange,
and feminine/masculine(R).3)

These omissions indicate that the procedure outlined here
missed some content that most would consider important
dimensions of individual differences. It is important to ask
whether this represents a limitation of the mechanical clustering
procedure detailed here to identify content in the lexicon, or of
the range of content contained in the lexical set. Although we
believe our procedure for identifying content for a comprehen-
sive inventory represents a substantial improvement over past
approaches (e.g., Block, 1961; Peabody, 1987), we do not claim
that the method is ideal and have described it in detail to aid
investigators who wish to replicate this methodology and sug-
gest improvements. For instance, our decision to only select fac-
ets that had at least three items was driven in part by the goal
of arriving at an instrument which would have a small enough
number of distinct attributes that all could be practically admin-
istrable in a short time span. However, if two-adjective clusters
were allowed, an additional 23 clusters would have been identi-
fied, some of which would capture some of the omitted aspects
listed above. Some of the more interesting dimensions in this
supplemental set include the clusters impulsive/spontaneous,
determined/persistent, strict/firm, sarcastic/critical, trusting/suspi-
ciousR, and independent/self-sufficient (see Appendix A for a full
list).

The 61 content clusters identified here should thus be consid-
ered to form an open list of the content that can be identified with-
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in the lexicon which will shift somewhat as decision rules are re-
fined, and certainly even when applying the same extraction rules
to other lexical datasets, especially in more distinct lexical datasets
formed from terms in additional languages, from different types of
ratings (e.g., peer ratings), or using different samples of lexical
terms (e.g., trait-nouns). One interesting possibility that may
emerge as these studies accumulate is that some socially impor-
tant dimensions such as impulsiveness, general trust, or aspects
of openness to experience will continue to be unidentified as fac-
tors that are well-represented in lexical datasets as such studies
accumulate. Such findings could help to better define suspected
limitations of looking to the concepts encoded in the lexicon as a
primary means of identifying the important ways people differ
from one another (Block, 1995; Block, in press).

8.2. How reliable and valid are single-item assessments?

Our analyses suggest that although the reliability of our assess-
ments is decreased somewhat by the use of one or two-item scales,
the cluster markers still show acceptable reliability. The single-
item scales used to mark the clusters in Study 2 showed retest cor-
relations of .65 over a couple days, and the two-item markers in
Study 1 showed alphas comparable in magnitude to those found
for numerous longer scales (average a = .76). As the expected
reduction in a measure’s correlations with other variables due to
a measure’s unreliability is equal to the square root of the reliabil-
ity coefficient when reliability is properly estimated (Cohen et al.,
2003; Nunnally & Bernstein, 1994), these levels reliability indicate
that one or two-item markers of the clusters should generally
show correlations that are about 81–87% of the size of the correla-
tions that would be found with perfectly reliable estimates of a
person’s self-rating for the dimensions. Although we showed that
longer scales can be created through combinations of IIDL items
which have somewhat higher reliabilities, the reliabilities of our
single-item measures are probably higher than most would sus-
pect, and, as shown in Study 2, aggregating this content to form
scales comes with the cost of losing information about the differ-
ential associations between similar trait aspects with variables of
interest.

Further pointing to the reliability and validity of single-item
trait markers, we were frequently able to find single IIDL items
with correlations >.70 with other Big Five dimensions. Correla-
tions of this magnitude indicate that short, one-item adjective
markers are better proxies of longer scales than most researchers
would suspect, particularly given that the dimensions we identi-
fied and measured were not selected with any intention of mea-
suring Big Five or other superfactor dimensions. Finally, our
pattern of findings linking life satisfaction and gender to the clus-
ter markers were highly consistent across three samples and lar-
gely paralleled the substantive findings of previous research
linking narrower trait measures to gender and life satisfaction
(e.g., Costa et al., 2001; Schimmack, Oishi, Furr, & Funder,
2004). This indicates that the somewhat lower reliability of
one- or two-item markers does not appreciably reduce our ability
to use such scales to investigate how different traits are related to
variables of interest.

8.3. The utility of comprehensive inventories

Comprehensive inventories which make fine discriminations
between related traits are particularly useful for showing how sim-
ilar traits differ in their relationships with a variable of interest. For
instance, across three samples in the current research, replicable
gender differences were found in opposite directions for traits
within the domains of extraversion (sociability vs. assertiveness),
conscientiousness (dependability vs. clumsiness), emotional
stability (anxiety vs. loneliness), and openness (open-mindedness
vs. rebelliousness). Although some of these discriminations have
been discussed in past research (e.g., Costa et al., 2001; Feingold,
1994), others appear to be relatively novel findings due to the
inclusion of a broader range and greater number of distinct trait as-
pects than those employed in standard superfactor measures. We
also found surprisingly fine distinctions in how similar traits were
associated with life satisfaction. For instance, life satisfaction was
consistently associated with perceived intelligence but not creativ-
ity, and with unfriendliness but not conceitedness. The substantial
heterogeneity of ‘‘within-domain” trait associations points to the
limitations of glossing over these discriminations when using a
single, broad factor score. Further, the impressive consistency of
these differences across our three samples speaks against the argu-
ment that the aggregation of similar-but-distinguishable trait as-
pects is necessary in order to document replicable or stable
relationships. Although the Big Five and similar superfactor frame-
works are certainly useful, findings like this suggest that these
frameworks may be used best as a means of organizing the multi-
tude of distinguishable traits people use to describe one another,
rather than as a recommendation that the core vectors are the only
traits we need to assess.

The most immediate goal of the current project was to refine
earlier procedures that have been used to create comprehensive
inventories. Whereas earlier methods for the construction of com-
prehensive inventories have largely involved intuitive or subjec-
tive decisions to identify the content that should be measured,
we show that comprehensive inventories can be created with
more mechanical procedures using lexical datasets and cluster
analysis. This approach also identified numerous dimensions that
are not typically indentified through the more common approach
of identifying facets of superfactors. Nevertheless, comparisons of
these two contrasting approaches to delineating the lower-order
structure of personality and individual differences warrant addi-
tional attention. We also found that the single-item analyses that
are frequently employed to make the broad range of content in
such inventories practically assessable in research contexts (e.g.,
Block & Block, 2006; Funder et al., 2000; Shedler & Westen,
2007) are more valid and reliable than many researchers may
suspect.

A broader goal of the project was to present a more general
argument for the advantages of comprehensive inventories for
addressing substantive questions. Through demonstrations link-
ing the diverse content we identified in the lexicon to gender
and life satisfaction, we argue that the use of comprehensive
inventories can reveal a more nuanced picture of how personal-
ity traits are related to variables of interest than is generally
possible with superfactor measures. Simple descriptive studies
linking personality measures to variables of interest continue
to be important in the field (Funder, 2001). However, given
the frequency with which researchers address the question of
‘‘how is personality associated with X?” by correlating a Big Five
measure with their variable of interest, we don’t feel it is an
exaggeration to say that a number of old questions may be use-
fully addressed anew by simply showing how the variable is
associated with a personality measure that assesses more than
five traits. We hope that such demonstrations will serve to
encourage the wider use of comprehensive inventories in explo-
rations of how personality traits are associated with variables of
interest.
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Appendix A

Clusters extracted from cluster analyses (Study 1).
[1]
 Social, sociable, outgoing, popular, unpopularR
[2]
 Excited, enthusiastic, expressive, eager

[3]
 Assertive, aggressive, bold, forward

[4]
 Satisfied, happy, joyful, secure, glad, pleased, cheerful,

comfortable, encouraged

[5]
 Humorous, funny, amusing, comical, hilarious, witty,

entertaining, laughing, good-humored

[6]
 Affectionate, loving, passionate

[7]
 Loud, noisy, quietR, soft-spokenR
[8]
 Brave, adventurous, courageous, daring

[9]
 Bashful, shy, talkativeR
[10]
 Kind-hearted, kind, compassionate, caring, sympathetic,
understanding, helpful, thoughtful, sensitive
[11]
 Giving, generous, stingyR
[12]
 Pleasant, agreeable, cooperative, good-natured, nice

[13]
 Feminine, masculineR, motherly, competitiveR
[14]
 Polite, courteous, considerate, gracious

[15]
 Thankful, grateful, appreciative

[16]
 Truthful, trusted, honest, decent, sincere

[17]
 Selfish, self-centered, stuck-up, snobbish, greedy, arrogant

[18]
 Lovable, unfriendly, cold, sweet

[19]
 Inconsiderate, impolite, rude, thoughtless

[20]
 Egotistical, conceited, cocky

[21]
 Cruel, abusive, violent, mean, dangerous, frightening

[22]
 Dominant, controlling, bossy, demanding, intimidating

[23]
 Angry, bitter, hostile, furious

[24]
 Practical, sensible, level-headed, realistic, rational, logical,

reasonable

[25]
 Competent, capable, effective, useful, resourceful

[26]
 Dependable, reliable, responsible, trustworthy

[27]
 Disorganized, neatR, messy, organizedR, sloppy, careless

[28]
 Undependable, unreliable, irresponsible, unfaithful

[29]
 Self-confident, confident, self-assured, unsureR, insecureR,

certain, indecisiveR, wishy-washyR
[30]
 Stable, disturbedR, well-adjusted, unstableR
[31]
 Relaxed, easy-going, calm, laid-back, peaceful, carefree

[32]
 Positive, negativeR, optimistic

[33]
 Afraid, scared, confused, uncomfortable

[34]
 Tense, anxious, nervous, frustrated, self-conscious

[35]
 Sad, unhappy, troubled, disappointed, depressed, upset, bored

[36]
 Moody, temperamental, touchy, defensive

[37]
 Crabby, grumpy, grouchy, cranky, irritable, complaining

[38]
 Lonely, lonesome, alone, neglected, heartbroken

[39]
 Awkward, ungraceful, gracefulR, clumsy

[40]
 Creative, talented, artistic, imaginative, gifted, clever, original

[41]
 Smart, intellectual, intelligent, knowledgeable, bright,

brilliant, educated, wise

[42]
 Radical, rebellious, disobedient, properR, controversial

[43]
 Skilled, skillful, accomplished, successful

[44]
 Conservative, traditional, liberalR, old-fashioned

[45]
 Close-minded, narrow-minded, open-mindedR, openR
[46]
 Exciting, extraordinary, fascinating, awesome, remarkable

[47]
 Well-known, influential, famous, prominent, powerful,

distinguished, important

[48]
 Likeable, well-liked, pleasing,

[49]
 Admirable, excellent, outstanding, impressive

[50]
 Great, terrific, wonderful

[51]
 Lucky, unluckyR, fortunate

[52]
 Wealthy, well-to-do, rich, prosperous, poor

[53]
 Weird, strange, normalR, abnormal, crazy

[54]
 Ordinary, average, unusualR, complicatedR
[55]
 Good-looking, attractive, sexy, appealing, unattractiveR,
desirable, handsome, seductive, adorable
[56]
 Gorgeous, beautiful, lovely, pretty, glamorous, cute, charming

[57]
 OldR, elderlyR, youthful, young

[58]
 DisabledR, well, healthy, handicappedR
[59]
 Slim, slender, thinr, chubbyR, skinny, fatR, bigR
[60]
 Tired, exhausted, sleepy, energeticR
[61]
 Short, little, tallR, tiny
Additional two-item clusters: ashamed/humiliated, careful/cautious,
casual/informal, cheap/stingy, determined/persistent, direct/
straight-forward, dumb/stupid, efficient/thorough, evil/corrupt,
faithful/loyal, good-for-nothing/insane, hard/rough, hard-working/
productive, hot-tempered/short-tempered, impulsive/spontaneous,
independent/self-sufficient, jealous/possessive, lively/playful,
prompt/punctual, retarded/senile, sarcastic/critical, strict/firm,
trusting/suspiciousR.

Note: clusters are presented in the same order as given in Tables
1 and 2. Symbol ‘‘R” indicates that the item is negatively related to
other cluster markers. Bold items within each cluster indicate
adjectives that were used as cluster markers in Study 1; italicized
items were replaced with a different item in Study 2. ‘‘Additional
two item clusters” show remaining clusters defined by two items
and hence not considered ‘‘well-represented” in the lexicon by
the decision rules used in Study 1.
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